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Model MAE RMSE R?

RF 39.917 78.365 0.879
SVM 40.475 78.286 0.879
GBM 39.646 77.048 0.883
XGB 41.712 77.380 0.882
LSTM 38.175 75.821 0.902
GRU 37.165 73.505 0.911

Table 1. B9 A% 7} A%
Model Outcome Literature
ANN MAE=48.42, RMSE=72.37 Lee et al.,[4]
LSTM MAE=39.40, RMSE=78.25 Kim et al.,[5]
HS RMSE=90.0, R?=0.84 Cho et al. [6]
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